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Knowledge isn’t

a thing you store.

It's a process you run.

How smart your model is barely matters 
anymore. Reliable AI comes down to how 
well you keep your knowledge current.
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or AI hallcinates or 
makes mistakes.

01 / THE TRUST GAP

In 2026, nobody gets credit

for having AI. They get asked to 
prove it works.

Definitions matter Ask five departments what counts as a “customer” and you 
will often get five answers. Sales counts a signed contract. 
Finance counts a paid invoice. Support counts anyone with 
a login. Point an AI at that and it picks one silently, and 
never tells you which.

AI is rewriting how businesses run, and 
it is doing it fast. Underneath the 
excitement sits a problem almost 
nobody has solved: most teams do not 
trust what their AI tells them. They get 
hallucinations. They re-check the 
numbers. They cannot quite believe the 
output, so they quietly redo the work by 
hand.



That doubt now carries a cost, 
because the grace period is over. In a 
2026 survey of 950 executives, 78% 
were not confident they could pass an 
audit of their AI governance within 90 
days (Grant Thornton, 2026). They are 
running systems they cannot fully 
explain or defend.

The companies that can are already 
winning. In the same study, the ones 
with AI built into how they work were 
about four times more likely to report 
revenue growth from it than the ones 
stuck in pilots, 58% against 15%

(Grant Thornton, 2026).



What separates those two groups is 
the knowledge around the AI: your 
definitions, your business logic, and the 
judgment your best people carry in 
their heads. Same model, wildly 
different results. It is why companies 
running cheaper, smaller models 
routinely beat rivals running the 
flashiest ones. They fed the machine 
better knowledge.



Your company’s knowledge is a living 
thing. Your business changes every 
day, and the day you write something 
down is the day it starts going out of 
date. Keeping that knowledge correct, 
owned, and yours to move is ongoing 
work, and that work is what makes AI 
you can stand behind.

Same model
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our AI halluinates or 
maes mistaes.

02 / THE READINESS ILLUSION

The mess was already there.

AI just turned on the lights.

Hidden debt Messy company knowledge is not a 
new problem, and in 2026 it finally has a 
number on it.



In a study by Harvard Business Review 
Analytic Services, only 7% of 
companies said their data was fully 
ready for AI, and more than a quarter 
said it was not really ready at all

(Cloudera & HBR, 2026).

Almost everyone is pushing AI into 
production anyway. Analysts call the 
gap between that confidence and that 
reality the AI readiness illusion.

For years, your people papered over 
the mess and you never saw it. When 
two numbers disagreed, an analyst 
knew which one to trust. When a result 
looked strange, a veteran paused 
before hitting send. When a word 
meant one thing to finance and 
something slightly different to 
operations, someone quietly squared it 
up. That work was constant, unpaid, 
and invisible, and it hid how shaky the 
knowledge underneath really was.

Old problems That is what sits behind most “AI accuracy” complaints. 
They are the same old knowledge problems you can now 
suddenly see.

AI does none of that quiet fixing 
employees did before. It takes what you 
give it and runs, fast, sure of itself, and 
everywhere at once. The mistakes 
surfacing now were always there. You 
simply had people absorbing them one 
at a time, and now you do not.

These are old knowledge problems you 
can suddenly see. Bad news, if you 
were counting on a smarter model to 
rescue you. Good news, if you are 
willing to fix what the model is only 
reflecting.



So the real fix starts somewhere 
unglamorous: an honest look at where 
your most important definitions live, 
and how badly they disagree.

7% Of companies say their data is fully 
ready for AI. (Harvard Business Review)
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Your  hallucinates or 
makes mistakes.

03 / KNOWLEDGE DRIFT

Your organization’s knowledge is 
going stale as you read this.

Static thinking Companies treat knowledge like furniture. You buy it, set it 
in a corner, and assume it stays put.



It makes sense. Teams are busy with daily work. They don’t 
have time to check docs and systems every day. The 
business logic gets written into a doc or a system, the box 
gets checked, and everyone moves on.

But knowledge is not furniture. It is a 
description of a business that never 
stops moving.  Definitions drift, 
priorities flip, products launch, people 
leave, and last year’s hard-won lesson 
quietly becomes this year’s wrong 
answer.



The instant you write something down, 
it starts pulling away from the truth it 
was meant to capture. A stored fact is a 
photograph of a moving target, and 
every day nobody tends it, the photo 
looks a little less like the thing. That drift 
costs money.

Even the companies building the AI 
models themselves run into accuracy 
problems. Anthropic built an AI to 
answer business questions, and at 
launch it was right 95% of the time. A 
month later, the same AI, running the 
same model on the same code, had 
slipped to 65% accuracy. Nothing 
changed but the knowledge behind it, 
which had drifted out of date while 
everyone assumed it was holding 
steady. Keeping that knowledge 
current is not a one-time setup. It is an 
always-on process, and the moment it 
stops, accuracy starts sliding. If it can 
happen to the company building the 
model, it can happen to any company 
using AI.

Truth keeps moving
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or  hallcinates or 
makes mistakes.

04 / KNOWLEDGE UPKEEP

What Knowledge

Upkeep Looks Like

Definition drift “On-time” means shipped by 
the promised date.

“On-time” means delivered 
and confirmed received by the 

promised date.

Living knowledge One definition, quietly rewritten after 
the business changed. In plain 
language, an expert reads it, sees it is 
stale, and fixes it in seconds. Buried 
inside a model, the same rule keeps 
running, wrong, and no one can find it.



Managing your organization’s 
institutional data is not a one-time 
cleanup you do and forget. It is 
maintenance, and skipping it gets more 
expensive over time. Which is why a 
smarter model or a shinier database 
won’t fix trust on its own. Those are just 
places to put knowledge. 

What makes AI reliable is the ongoing 
work of keeping what you know in sync 
with what is true right now. Do that 
work and you get AI you can lean on. Do 
it once and walk away, and the 
reliability quietly rots within months.

15% Projected productivity loss by 2027

for companies that skip maintaining

AI-ready data. (IDC)
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our A haucinates or 
aes istaes.

05 / PROOF OVER ANSWERS

Answers are cheap now.

Proof is what you pay for.

Trust needs proof Answers used to be scarce. You waited 
days for a report and were glad to get it. 
Now answers are instant and basically 
free, right up until one is wrong. Then 
you pay for it twice: once in the cash 
and tokens you burn regenerating, re-
checking, and re-prompting your way 
to something you can trust, and again 
in the rework downstream when the 
wrong answer already went out the 
door.



In 2026, in some places, proof is 
becoming the law. The EU AI Act 
requires companies running higher-risk 
AI to make it traceable and explainable, 
and gives people affected by an 
automated decision the right to an 
explanation. The core high-risk rules 
land in August 2026, with fines reaching 
into the tens of millions (EU AI Act). 
Regulators have made the standard 
plain: if you cannot explain it, you 
cannot ship it. And the doubt is not only 
coming from outside the building. In 
McKinsey’s 2026 research, inaccuracy 
was the risk companies named most 
as they scale AI, flagged by 74% of 
them (McKinsey, 2026).

The dangerous mistakes are the ones 
that look right. A wrong answer that 
looks wrong is safe, because someone 
catches it. The wrong answer that 
reads perfectly, sounds confident, and 
slips into a decision before anyone 
questions it is the one that costs you. 
Confidence stops people from 
checking.



For an executive, that changes where 
the risk sits. The mistake that hurts you 
is the one that looked fine, sailed 
through, and got used. For a data 
leader, it changes the job. Getting the 
number right is the floor. The real work 
is showing why the number is what it is, 
and catching a definition that has gone 
stale before someone bets a decision 
on it.



Treat any answer you cannot trace as 
broken, even when it happens to be 
right. An answer you cannot explain is 
luck, and you cannot run a company on 
luck.

74% Of organizations name inaccuracy as 
their top risk as they scale AI.
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our AI hallucinates or 
makes mistakes.

06 / BLACK BOXES

The most tempting place to put 
your knowledge is inside the AI 
model itself. That’s how black 
boxes are created.

Readable rules Most companies put their institutional 
knowledge inside the AI model itself: 
straight into Claude, ChatGPT, or 
directly to other AI tools. Train it on your 
data, the pitch goes, and it will pick up 
your experts’ judgment better than any 
written rule could. It sounds advanced. 
It is mostly a trap, for one simple 
reason: you cannot see what it learned, 
and you cannot fix it when it is wrong.


Start with the seeing. The biggest thing 
that separates today’s AI from the 
technology before it is that its 
instructions are readable. You can look 
at what the system was told and 
understand it in plain English. Fine-
tuning throws that away. It melts your 
knowledge down into millions of 
numbers, and numbers cannot be read. 
Your knowledge becomes a black box 
again, and black boxes have a habit of 
learning the wrong lesson.

A famous experiment shows how. 
Researchers trained an AI to tell wolves 
from huskies, and it did the job well, 
until they checked how it was deciding. 
It had not learned anything about the 
animals. It had learned to spot snow. 
Almost every wolf photo in its training 
set happened to have a snowy 
background, so the AI quietly decided 
that snow means wolf

(Ribeiro et al., 2016). On the test it 
looked like an expert. It was really just a 
snow detector.

Hidden patterns

(a) Husky classified as wolf

(b) Explanation
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our  hallucinates or 
maes mistaes.

07 / LEARNING AT SCALE

False patterns Your fine-tuned model does the same thing with your data, 
except you never get to see the snow. Say that in the 
examples you trained it on, the reports your experts 
marked urgent happened to come mostly from one office. 

The model can quietly conclude that 
this office means urgent, and start 
pushing that office’s work to the top 
while burying everyone else’s, long 
after the pattern stops being true. It 
was a coincidence in the data. The 
model treats it as a law. And because 
the rule lives inside the math, no one 
can find it, read it, or argue with it. It just 
quietly makes worse calls, forever.

Now picture the same knowledge 
written as a plain sentence instead:

An expert reads that

in one second and says:

They fix the sentence, and the problem 
is gone before it ever reaches a 
decision. That is the whole point. You 
can read a sentence, question it, and 
correct it. You can do none of that to a 
number. You can debug a sentence. 
You cannot debug a weight.

“Reports from the London

office are urgent.”

“That was true last year, but it should 
be the office running our biggest 
accounts now.” 

The obvious pushback is that writing all 
this knowledge down by hand would 
take forever. True, and you do not have 
to. Software can now learn these rules 
for you and still write them out in plain 
language you can check, which is the 
best of both worlds. It’s a fast-moving 
research area, and the newest 
methods already match or beat fine-
tuning on hard problems while keeping 
every lesson readable. You get the 
machine's ability to learn without losing

your ability to see what it learned.



None of this means fine-tuning is bad. It 
is the right tool for narrow, stable tasks, 
and for skills that truly cannot be put 
into words. But when the goal is 
capturing how your experts think, in a 
business that keeps changing, keeping 
that judgment in plain sight is not a 
compromise. It is the advantage, and it 
is the one thing today’s AI hands you 
for free. Trade it away for a flashier 
technique and you give up the ability to 
see, question, and fix your most 
valuable asset.
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Your  hallucinates or 
makes mistakes

08 / KNOWLEDGE PORTABILITY

You can’t onboard a company

one mistake at a time

Scale knowledge The seductive story going around 
about AI accuracy is that you buy AI, it 
learns as it goes, you let it soak up 
lessons from daily use, and watch it 
quietly get smarter. For one person on 
one narrow task, maybe that holds true. 
For an enterprise, it is the slowest, 
riskiest path there is.



Think about what learning as it goes 
means at scale. Your knowledge does 
not live in one person’s activity. It is 
spread across dozens of experts in 
finance, operations, legal, and the field, 
and a system watching one stream of 
use learns one thin slice. Getting 
anyone to full productivity inside a big 
company takes months, and big 
companies are slower at it than small 
ones, not faster. And learning from 
mistakes means someone has to catch 
every mistake in production and 
correct it, over and over, for the entire 
ramp, while the system stays 
untrustworthy and nobody’s job is to 
babysit it.

Research keeps landing on the same 
culprit, and it’s not the technology. 
22% of leaders name the way their 
own organization runs, not any limit of 
the models, as the number-one barrier 
to AI success (Publicis Sapient, 2026). 
The companies pulling ahead are not 
the ones with a cleverer general-
purpose assistant. They are the ones 
with a system that knows one 
business deeply, and depth like that 
never accumulates one correction at a 
time.



You would never onboard a whole 
department by letting them guess and 
fixing errors one by one. You onboard 
in batch: gather what your experts and 
systems already know, check it before 
anyone leans on it, put it to work, then 
refresh it in batch when the business 
shifts.

Your AI’s knowledge deserves the same.

Learning from usage is an intern you supervise for a year. 
Useful someday. Not a strategy you can trust now.

Batch thinking
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Your AI hallucinates or 
makes mistakes.

09 / THE LAST ADVANTAGE

Knowledge you can’t move is 
knowledge you don’t own.

Building Reliable AI There is a second cost to burying knowledge in a model, and it arrives the day you 
want to leave.



A model fine-tuned on your data is married to that specific model. When next 
year’s version shows up twice as capable or a tenth of the price, much of your 
work has to be redone, because your knowledge is locked in the old weights. 
Knowledge written in plain language has no such problem. It moves to the next 
model, and the one after that, and quietly gets better every time the underlying AI 
does, at no extra cost to you.

Don’t lock your knowledge

inside someone else’s

AI model

Everyone senses the danger of the 
lease. 94% of IT leaders say they are 
worried about vendor lock-in

(Parallels, 2026). What they 
underestimate is how stuck they 
already are. 89% believe they could 
switch AI providers, but 58% of the 
ones who tried a migration hit failures 
or nasty surprises (Zapier, 2026). 
Running several models at once is 
already normal, with about 37% of 
enterprises now juggling five or more 
(a16z, 2026), because no single model 
wins at everything. And 2026 delivered 
a blunt reminder that a model you lean 
on can vanish almost overnight, 
whether from a vendor’s business call 
or a government order, with no say 
from you.

The model is not the only trap. Scatter 
your knowledge across a dozen tools 
and it goes stale everywhere at once, 
each copy drifting its own way until 
nothing agrees and no one is 
responsible. Leave it in your people's 
heads, the default almost everywhere, 
and it works right up until they quit. 
Then your edge walks out the door with 
the context that made it valuable.

Every one of these is the same mistake 
in a different costume: knowledge you 
cannot see, cannot move, or cannot 
keep.

Your knowledge should outlast any one 
model and move to any tool. The model 
you pick is a short-term call you can 
reverse next year. Your knowledge is the 
thing you keep. Don't hand over the thing 
you keep to win a call you can reverse. If 
you can't move your knowledge, you don't 
really own it.

94% Of IT leaders worry about

vendor lock-in.
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our  hallucinates or 
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10 / KNOWLEDGE ADVANTAGE

Everyone can buy the same 
models. Capability is not an 
edge anymore.

Knowledge wins Everyone has access to the latest and 
greatest AI tech. Capability is not an 
edge anymore, because it is for sale to 
your rivals on identical terms. The one 
thing they can’t buy is how your 
business works: the judgment of your 
best people, the definitions that are 
only right in your world, the lessons you 
paid to learn. That knowledge is the last 
real edge you have. And in most 
companies it is undocumented, 
inconsistent, and one resignation away 
from gone.

Watch what happens when companies 
treat it carelessly. Only about 20% are 
seeing real revenue growth from AI, 
while 74% are still just hoping to 
(Deloitte, 2026). And as many as 60% of 
AI projects will be abandoned outright, 
specifically because the data 
underneath them was never made 
ready (Gartner, 2026).

The pattern is the same: It’s not that the AI technology can’t 
or doesn’t work. It’s that nobody put the knowledge in order 
first.

This is the fork in the road. Handled 
right, AI becomes the thing that finally 
captures your institutional knowledge 
and compounds it into an asset the 
whole company can use, improve, and 
hand down. Handled wrong, it does one 
of two things:

01 It launders your advantage

into a black box you do not 
control.

That is why this belongs in front of the 
CEO, not buried in an IT roadmap. It is 
not tooling hygiene. It is whether your 
core advantage compounds or 
evaporates. Treat capturing and 
maintaining what your company knows 
like the competitive weapon it is, with a 
real owner and a real budget, the way 
you would defend any other moat.

02 It leaves your knowledge exactly 
where it was, trapped in a few 
heads, ticking.

The real problem

Own the advantage
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11 / AI READINESS

Questions to ask before

you invest in another AI tool

Reality check If you built a house on honeycomb, you 
wouldn’t be surprised to find holes. The 
same goes for your institutional 
knowledge and data and the results 
you get from AI.

With an unstable foundation, more AI 
tools compound the problem. You need 
honest answers to a few questions. 
Anywhere you can’t answer, that is your 
real AI-readiness gap.

01 Where is each of your most important 
terms defined, and does every team 
and tool use the same one?

When an AI answer is wrong, can you 
trace why, and is it clear who fixes it?

How fast can you correct one piece of 
company knowledge everywhere it is 
used? Minutes, or a quarter?

If you switched to a better model 
tomorrow, could you bring your 
knowledge with you, or would you start 
over?

Is anyone in charge of keeping your 
knowledge current, or does it just rot?

If those sting a little, good. That is the 
line between a company that gets 
reliable AI and one that keeps blaming 
the model.

Clear ownership is the hinge. 
According to research, only about 30% 
of companies reach a mature level of AI 
governance (McKinsey, 2026), and the 
ones that do share one trait: someone 
is clearly accountable. Enterprises 
where senior leadership actively 
shapes AI governance achieve 
significantly greater business value 
than those delegating the work to 
technical teams alone (Deloitte, 2026).

Clear ownership

02

03

04

05
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Sphinx

The best-kept

knowledge will win.

Everyone will have a great model. They will be the 
ones who treat what they know as something they 
keep alive on purpose: correct, owned, and free to 
move to whatever comes next.



Knowledge isn’t a thing you store. It’s a process 
you run. The sooner a company gets that, the 
sooner its AI turns into something it can stand 
behind.
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